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 ɝɨɬɨɜɧɨɫɬɶ ɩɪɟɞɩɪɢɹɬɢɹ ɤ ɜɧɟɞɪɟɧɢɸ ɢ 
ɩɪɨɜɟɞɟɧɢɸ ɧɟɢɡɛɟɠɧɵɯ ɢɡɦɟɧɟɧɢɣ ɜ ɪɚɡɥɢɱɧɵɯ 
ɩɪɨɢɡɜɨɞɫɬɜɟɧɧɵɯ ɢ ɭɩɪɚɜɥɟɧɱɟɫɤɢɯ ɩɪɨɰɟɫɫɚɯ, 
ɧɚɥɢɱɢɟ ɤɨɪɩɨɪɚɬɢɜɧɵɯ ɫɬɚɧɞɚɪɬɨɜ ɭɱɟɬɚ ɢ ɨɬɱɟ-
ɬɨɜ, ɮɢɧɚɧɫɨɜɨɟ ɩɨɥɨɠɟɧɢɟ [5]. 

ȼ ɨɛɳɟɦ ɫɥɭɱɚɟ ɜɧɟɞɪɟɧɢɟ Ʉɂɋ ɩɨɡɜɨɥɢɬ 
ɨɛɟɫɩɟɱɢɬɶ ɛɨɥɟɟ ɜɵɫɨɤɭɸ ɫɬɟɩɟɧɶ ɧɚɞɟɠɧɨɫɬɢ 
ɮɭɧɤɰɢɨɧɢɪɨɜɚɧɢɹ ɷɤɨɧɨɦɢɱɟɫɤɨɣ ɫɢɫɬɟɦɵ ɩɪɟɞ-
ɩɪɢɹɬɢɹ. ȼɧɟɞɪɟɧɢɟ Ʉɂɋ ɹɜɥɹɟɬɫɹ ɦɧɨɝɨɷɬɚɩɧɵɦ 
ɩɪɨɰɟɫɫɨɦ. Ɋɚɡɞɟɥɟɧɢɟ ɧɚ ɷɬɚɩɵ ɨɩɪɟɞɟɥɹɟɬɫɹ ɪɹ-
ɞɨɦ ɤɪɢɬɟɪɢɟɜ. ȼ ɧɚɫɬɨɹɳɟɟ ɜɪɟɦɹ ɧɚ ɩɟɪɜɵɣ ɩɥɚɧ 
ɜɵɯɨɞɢɬ ɤɪɢɬɟɪɢɣ ɷɤɨɧɨɦɢɱɟɫɤɨɣ ɨɰɟɧɤɢ ɷɮɮɟɤ-
ɬɢɜɧɨɫɬɢ ɨɬ ɜɧɟɞɪɟɧɢɹ Ʉɂɋ. ɋ ɬɨɱɤɢ ɡɪɟɧɢɹ ɚɧɚ-
ɥɢɡɚ ɧɚɞɟɠɧɨɫɬɢ ɷɤɨɧɨɦɢɱɟɫɤɚɹ ɨɰɟɧɤɚ ɩɨɡɜɨɥɹɟɬ 
ɪɚɡɞɟɥɢɬɶ ɩɪɨɰɟɫɫ ɜɧɟɞɪɟɧɢɹ ɧɚ ɷɬɚɩɵ ɫɨɨɛɪɚɡɧɨ 
ɞɨɫɬɢɠɟɧɢɸ ɧɟɨɛɯɨɞɢɦɨɣ ɫɬɟɩɟɧɢ ɧɚɞɟɠɧɨɫɬɢ 
ɜɫɟɣ ɩɪɨɢɡɜɨɞɫɬɜɟɧɧɨ-ɷɤɨɧɨɦɢɱɟɫɤɨɣ ɫɢɫɬɟɦɵ. 

 
ȼɵɜɨɞɵ 
ɉɟɪɟɞ ɬɟɦ, ɤɚɤ ɨɫɭɳɟɫɬɜɥɹɬɶ ɩɪɨɟɤɬ ɜɧɟɞɪɟɧɢɹ 

Ʉɂɋ ɧɟɨɛɯɨɞɢɦɨ ɦɚɤɫɢɦɚɥɶɧɨ ɮɨɪɦɚɥɢɡɨɜɚɬɶ ɟɝɨ 
ɰɟɥɢ, ɫɨɩɨɫɬɚɜɢɬɶ ɢɦ ɫɨɨɬɜɟɬɫɬɜɭɸɳɢɟ ɲɤɚɥɵ ɞɥɹ 
ɢɡɦɟɪɟɧɢɹ ɫɬɟɩɟɧɢ ɞɨɫɬɢɠɟɧɢɹ ɷɬɢɯ ɰɟɥɟɣ. 

ɇɟ ɫɥɟɞɭɟɬ ɩɪɟɧɟɛɪɟɝɚɬɶ ɫɬɚɞɢɟɣ ɩɪɟɞɩɪɨɟɤɬ-
ɧɨɝɨ ɚɧɚɥɢɡɚ. Ʌɸɛɚɹ ɧɟɬɨɱɧɨɫɬɶ ɧɚ ɷɬɨɦ ɷɬɚɩɟ 
ɨɛɟɪɧɟɬɫɹ ɞɟɫɹɬɢɤɪɚɬɧɵɦɢ ɩɨɬɟɪɹɦɢ ɧɚ ɩɨɫɥɟɞɭ-
ɸɳɢɯ ɷɬɚɩɚɯ. Ʌɭɱɲɟ ɩɪɢɜɥɟɱɶ ɩɪɨɮɟɫɫɢɨɧɚɥɶɧɵɯ 

ɤɨɧɫɭɥɶɬɚɧɬɨɜ ɞɥɹ ɨɛɫɥɟɞɨɜɚɧɢɹ ɩɪɟɞɩɪɢɹɬɢɹ ɢ 
ɩɨɫɬɚɧɨɜɤɢ ɡɚɞɚɱ ɦɟɧɟɞɠɦɟɧɬɚ [6]. 
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Introduction 
Nowadays optimization problems arise as a re-

search field of high importance. As everything hap-
pens for a reason, the evidence is as follows: appear-
ance in many important real-world problems, such as 
train scheduling, time tabling, Quadrastic Assignment 
problems (QAP) and Job-shop scheduling problems 
(JSP). 

QAP is about assigning a set of n resources to a set 
of m locations while minimizing the cost of the pro-
cess. In this case, ant colony optimization algorithm 
does not give the best solution among all of the exist-
ing algorithms for QAP problem but it gives the same 
quality as the other approaches. 

JSP has a set of n machines and m jobs, which 
must be combined so that the jobs can be completed in 
a minimal amount of time. 

One should note here that when it comes to finding 
the shortest possible path, ant colony optimization 
algorithm is one of the most optimal solutions. 

Ant colony optimization algorithm or ACO is a 
technique for solving computational problems, based 
on estimation of how likely it is that something will 
happen. This optimization technique takes into con-
sideration the behavior of the real ants as one of the 
creatures which foraging behavior enables them to 

find the best shortest path between the nest and the 
food sources while being blind. 

The issue of this article is the ant colony optimiza-
tion algorithm, namely, the ACO algorithm, which is 
intended for solving hard combinatorial optimization 
problems. 

Despite the rapidly growing popularity of the algo-
rithm, little research on the strategy and on its parame-
ters is needed. 

Thus, the aim of the research is to systematize all 
presented information concerning ACO and deeply 
study the optimal configuration parameters. 

Precede from the aim of the research the following 
task are being given: 

1. The analyzing of the main characteristic of the 
ACO algorithm. 

2. Investigation of the principle of the algorithm 
and explanation of its core. 

 
Principle of the ACO algorithm 
Let us start by demonstrating the capability of the 

ant colonies to take the best route while being guided 
by the pheromone: the shorter the trail, the more ants 
use it, therefore, the trail has the higher pheromone 
concentration. 
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It all starts from the initial state when all the ants 
are in the nest and there are no pheromones in the en-
vironment (pic. 1). 

 
Pic. 1. Initial state 

 
Half of the ants takes the shortest path (symbolized 

with squares) and the other half takes the longest one 
(pic. 2). In this stage, the probabilities of taking the 
particular path are equal to 50%. In this case, it is ob-
vious that the ants, which have taken the short path, 
will be the first to arrive at the point of destination. 
Therefore, when the time to return comes, the proba-
bility to take again the short path will be higher 
(pic. 3) as the number of pheromones will increase. 

 
Pic. 2. The search process 

 

 
Pic. 3. The search process 

 
The value of pheromones on the shortest path will 

be higher than on the longer one, and due to the evap-
oration of the pheromone on the longer path, the 
whole colony will end up using the shortest path. 

 
Mathematical characterization of the algorithm 
The ant selects the path according to the value of 

the probability (1). The higher the value of the proba-
bility, the higher the chance that in the future ant will 
follow the path, which is indicated by that probability. 

From the mathematical point of view, it looks as 
follows (pic. 4): we calculate the probabilities , after 
that we calculate the intervals and at the end, we just 
generate the random number n and check which inter-
val it belongs to. According to the result, we choose 
the next path to go. 

 

 
Pic. 4. Choosing the probability 

 

 
where  is the probability to choose the path be-
tween i and j;  – the number of pheromones be-
tween i and j;  – parameter which is inverse to the 
length   between the links i and j;  – means 
that we take all values j which has not been used in the 
previous calculations (e.g. if the ant has already fol-
lowed the trail i - j then there is no need to follow this 
path once more). 

There is a way to check the calculations of the 
probabilities as . 

 
Once we have the ant returned, we need to recalcu-

late the pheromones (3). 

 
where  – updated value of the pheromone;  – 
value of the pheromone before update; p – constant, 
which controls pheromone evaporation speed;  – 
the value to increase the pheromone (4). 

 
where Q – constant;  – sum of the length of the 
passed paths. 

 
Optimal configuration of the parameters 
When it comes to building a real application, it is 

necessary to have the most optimal parameters as an 
input. From the described above formulas we can see 
that there are four types of constants in the ACO, 
ЧКЦОХв Q, Į, ȕ, Щ. 

The first parameter is p. If we try to take the anal-
ogy, then p is the memory of the ant colony, which 
gives the direction of where to go. Therefore, small p 
means slow adaptation of the colony to the environ-
ment, e.g. more time to find the optimal path is need-
ed. On the contrary, large p gives high evaporation 
and fast adaptation. 

σШЭО ЭСКЭ 0.1 ≤ Щ ≤ 0.λλ, 0 ≤ Į ≤ 5 КЧН ЩКЫКЦОЭОЫ 
ȕμ 1 ≤ ȕ  ≤ 5. 

Q represents the amount of artificial pheromone 
that is added. Its value depends on the lengths of the 
whole paths to the destination point. The shorter the 
path, the higher the amount of added pheromone 
ЬСШЮХН ЛО. Q СКЬ ЭСО ПШХХШаТЧР ХТЦТЭμ 10 ≤ Q ≤ 10000. 
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It is clear from the observations that the better the 
choice of the parameters, the higher the speed of the 
КХРШЫТЭСЦЬ’ ОбОМЮЭТШЧ. 

Inventor of the algorithm, Marco Dorigo, exam-
ines the problem of parameters in his article [6]. In the 
following table, the most common suitable parameters 
are presented (table 1). 

 
Table 1. Į, ȕ ЩКЫКЦОЭОЫ МШЦЛТЧКЭТШЧЬ 

Į ЩКЫКЦОЭОЫ Ǻ ЩКЫКЦОЭОЫ 
0.5 5.0 
1.0 1.0 
1.0 2.0 
1.0 5.0 

 
By now, unfortunately, there is no developed 

mathematical analysis of an optimal configuration 
method for the parameters. Large scale of experiments 
is needed in order to investigate the most optimal val-
ues. 

 
Conclusion 
Thanks to the research the presented information 

will move our understanding forward of what ACO is 
and what kind of aspects should be taken into the con-
sideration while developing the system, which is 
based on this algorithm, to solve hard combinatorial 
optimization problems. ACO algorithm stands out for 

being able to solve not only static, but also dynamic 
problems, such as the Travelling salesman problem, 
Graph coloring problem and so on. 

 
References 
1. ε. DШЫТРШ, V. εКЧТОггШ “AЧЭ CШХШЧв ШЩЭi-

ЦТгКЭТШЧ”. ДτЧХТЧО ЬОЫЯТМОЖ. AММОЬЬ ЦШНОμ 
http://informatics.indiana.edu/jbollen/I501F13/reading
s/dorigo99ant.pdf 

2. Wikipedia. [Online service]. Access mode: 
http://en.wikipedia.org/wiki/Ant_colony_optimization
_algorithms 

3. S.C. ГСКЧ, J. БЮ, J. АЮ, “TСО ШЩЭТЦКХ ЬОХОc-
ЭТШЧ ШП ЭСО ЩКЫКЦОЭОЫЬ ШП ЭСО КЧЭ МШХШЧв КХРШЫТЭСЦ”, 
bulletin of Science and Technology, 19(5): pp.381-
386, 2003. 

4. H.B. DЮКЧ, Б. F. ВЮ, “A ЧШЯОХ ТЦЩЫШЯОН КЧЭ 
colony algorithm with fast global optimization and its 
ЬТЦЮХКЭТШЧ”, IЧПШЫЦКЭТШЧ КЧН CШЧЭЫШХ, γγ(β)μ ЩЩ. β41-
244, 2004. 

5. ε. DШЫТРШ, ε. BТЫКЭЭКЫТ, T.SЭЮЭгХО, “AЧЭ МШl-
ony optimization – Artificial ants as a computational 
ТЧЭОХХТРОЧМО TОМСЧТЪЮО”, IEEE CШЦЩЮЭКЭТШЧКХ ТЧЭОХХi-
gence magazine, 2006 

6. ε. DШЫТРШ, “TСО AЧЭ ЬвЬЭОЦμ τЩЭТЦТгКЭТШЧ 
Лв К CШХШЧв ШП CШШЩОЫКЭТЧР AРОЧЭЬ”, IEEE TЫКЧЬКc-
tions on systems, Man and Cybernetic-Part B, 26(1): 
pp. 1-13, 1996 

 
ɇȿɄɈɌɈɊɕȿ ɋɉɈɋɈȻɕ ɉɈȼɕɒȿɇɂə ɊɍɋɍɊɋɈɗɎɎȿɄɌɂȼɇɈɋɌɂ ȼ 

ɆɈȻɂɅɖɇɈɋɌɂ ȼ IT-ɈɌɊȺɋɅɂ 
ɋɬɪɟɥɶɧɢɤɨɜ Ⱥ.ȼ. 

Ɍɨɦɫɤɢɣ ɩɨɥɢɬɟɯɧɢɱɟɫɤɢɣ ɭɧɢɜɟɪɫɢɬɟɬ 
6γ4050, Ɋɨɫɫɢɹ, ɝ. Ɍɨɦɫɤ, ɩɪ-ɬ Ʌɟɧɢɧɚ, γ0 

E-mail: vig@tpu.ru 
 

ȼɜɟɞɟɧɢɟ 
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ɪɨɜɚɧɢɹ ɢɧɮɨɪɦɚɰɢɨɧɧɵɯ ɫɢɫɬɟɦɠ ɩɨɜɵɲɟɧɢɟ 
ɨɩɟɪɚɬɢɜɧɨɫɬɢ (ɫɤɨɪɨɫɬɢ ɨɛɪɚɛɨɬɤɢ) ɢɧɮɨɪɦɚɰɢɢ. 

ȼ ɷɬɨɦ ɫɜɟɬɟ ɪɟɫɭɪɫɨɷɮɮɟɤɬɢɧɨɫɬɶ ɜ ɤɨɧɬɟɤɫɬɟ 
ɢɧɮɨɪɦɚɰɢɨɧɧɵɯ ɬɟɯɧɨɥɨɝɢɣ ɛɭɞɟɬ ɩɪɟɞɫɬɚɜɥɹɬɶ 
ɫɨɛɨɣ ɧɚɰɟɥɟɧɧɨɫɬɶ ɧɚ ɩɨɥɭɱɟɧɢɟ ɦɚɤɫɢɦɚɥɶɧɨɝɨ 
ɪɟɡɭɥɶɬɚɬɚ (ɩɪɨɢɡɜɨɞɢɬɟɥɶɧɨɫɬɢ ɬɪɭɞɚ, ɧɚɞɟɠɧɨ-
ɫɬɢ ɢɧɮɨɪɦɚɰɢɨɧɧɨɣ ɫɢɫɬɟɦɵ ɢ ɫɤɨɪɨɫɬɢ ɨɛɪɚ-
ɛɨɬɤɢ ɢɧɮɨɪɦɚɰɢɢ) ɨɬ ɢɫɩɨɥɶɡɨɜɚɧɢɹ ɧɟɨɛɯɨɞɢ-
ɦɵɯ ɪɟɫɭɪɫɨɜ (ɬɪɭɞ, ɷɧɟɪɝɢɹ, ɩɪɨɝɪɚɦɦɧɨ-
ɬɟɯɧɢɱɟɫɤɢɟ ɫɪɟɞɫɬɜɚ), ɜ ɪɚɦɤɚɯ ɬɪɟɛɨɜɚɧɢɣ ɷɤɨ-
ɧɨɦɢɱɧɨɫɬɢ, ɭɫɬɨɣɱɢɜɨɫɬɢ ɢ ɷɤɨɥɨɝɢɱɧɨɫɬɢ. 

 
ɂɫɩɨɥɶɡɨɜɚɧɢɟ ɞɨɫɬɢɠɟɧɢɣ ɦɢɧɢɚɬɸɪɢɡɚ-

ɰɢɢ ɢ ɩɨɜɵɲɟɧɢɹ ɦɨɛɢɥɶɧɨɫɬɢ ɜ IT-ɨɬɪɚɫɥɢ 
ɋɨɜɪɟɦɟɧɧɵɟ ɬɪɟɛɨɜɚɧɢɹ ɤ ɤɨɦɩɨɧɟɧɬɧɨɣ ɛɚɡɟ 

IT-ɚɩɩɚɪɚɬɭɪɵ ɨɬɥɢɱɚɸɬɫɹ ɠɟɫɬɤɢɦɢ ɬɪɟɛɨɜɚɧɢɹ-
ɦɢ ɤ ɷɧɟɪɝɨɩɨɬɪɟɛɥɟɧɢɸ. ɗɬɨ ɫɜɹɡɚɧɨ ɩɪɟɠɞɟ ɜɫɟ-
ɝɨ ɫ ɬɪɟɛɨɜɚɧɢɹɦɢ ɦɢɧɢɚɬɸɪɢɡɚɰɢɢ ɢ ɦɨɛɢɥɶɧɨ-
ɫɬɢ ɫɨɜɪɟɦɟɧɧɨɣ IT-ɚɩɩɚɪɚɬɭɪɵ – ɱɟɦ ɦɟɧɶɲɟ 
ɷɧɟɪɝɢɢ ɩɨɬɪɟɛɥɹɸɬ ɤɨɦɩɨɧɟɧɬɵ ɭɫɬɪɨɣɫɬɜɚ, ɬɟɦ 
ɛɨɥɟɟ ɥɟɝɤɢɣ ɢ ɤɨɦɩɚɤɬɧɵɣ ɚɤɤɭɦɭɥɹɬɨɪ ɛɭɞɟɬ 
ɧɟɨɛɯɨɞɢɦ ɭɫɬɪɨɣɫɬɜɭ. Ɍɚɤɢɦ ɨɛɪɚɡɨɦ, ɫɥɟɞɭɹ 
ɦɨɞɟ ɢɥɢ ɨɬɞɚɜɚɹ ɞɚɧɶ ɷɤɨɥɨɝɢɱɟɫɤɢɦ ɩɨɬɪɟɛɧɨ-
ɫɬɹɦ ɨɛɳɟɫɬɜɚ ɩɪɨɢɡɜɨɞɢɬɟɥɢ IT-ɨɬɪɚɫɥɢ 
ɜ 1992 ɝɨɞɭ ɜɜɟɥɢ ɜ ɨɛɪɚɳɟɧɢɟ ɤɨɧɰɟɩɰɢɸ «GЫООЧ 
IT» («ɡɟɥɟɧɵɟ» IT-ɪɟɲɟɧɢɹ). ɗɬɢɦ ɬɟɪɦɢɧɨɦ ɨɛɨ-
ɡɧɚɱɚɥɢ ɬɚɤɢɟ ɩɪɨɞɭɤɬɵ, ɤɨɬɨɪɵɟ ɨɛɟɫɩɟɱɢɜɚɥɢ 
ɛɵ ɦɚɤɫɢɦɭɦ ɩɪɨɢɡɜɨɞɢɬɟɥɶɧɨɫɬɢ ɩɪɢ ɦɢɧɢɦɚɥɶ-
ɧɵɯ ɡɚɬɪɚɬɚɯ ɷɧɟɪɝɢɢ. Ɍɚɤɢɟ ɭɫɬɪɨɣɫɬɜɚ ɫɨɡɞɚɸɬ 
ɦɢɧɢɦɚɥɶɧɵɣ «ɭɝɥɟɪɨɞɧɵɣ ɫɥɟɞ» – ɜɪɟɞ ɩɪɢɪɨɞɟ, 
ɤɨɬɨɪɵɣ ɧɚɧɨɫɢɬɫɹ ɩɪɢ ɩɪɨɢɡɜɨɞɫɬɜɟ ɷɥɟɤɬɪɨ-
ɷɧɟɪɝɢɢ. 

ɋɬɪɨɢɬɟɥɶɧɨɣ ɟɞɢɧɢɰɟɣ ɩɪɨɰɟɫɫɨɪɚ ɤɨɦɩɶɸ-
ɬɟɪɚ ɹɜɥɹɟɬɫɹ ɬɪɚɧɡɢɫɬɨɪ, ɪɟɚɥɢɡɭɸɳɢɣ ɩɪɨɫɬɟɣ-
ɲɢɟ ɥɨɝɢɱɟɫɤɢɟ ɨɩɟɪɚɰɢɢ ɞɜɨɢɱɧɨɣ (ɛɢɬɨɜɨɣ) 


